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Abstract

Stories in human culture have established a long tradition. People tell stories
for a wide variety of reasons, from simply entertaining, to transmitting knowledge
across generations, to maintaining culture, to warning others of danger. This study
focuses on storytelling, a communication method of telling stories. Storytelling
is an interactive art that stimulates the listener’s imagination and reveals the
elements and images of a story through words and actions. If stories trace facts,
stories are creative, deeply expressive of a person’s inner life and important for
understanding the human condition. The uses of storytelling are varied. For
example, in product sales, telling the buyer the right story at the right time can
convey that the product’s value meets their needs, or interpreting the buyer’s
stated story can provide clues to finding a solution to a problem. According to the
definition of storytelling, storytelling can also interact and actively create a reality
in the mind, such as a vivid story, sensory images or events, based on the listener’s
own past experiences to the listener. It is then stated that a more complete story is
unique and gives belief and understanding in the mind of the listener, making them
a co-creator of the story. In other words, storytellers should work on improving
their storytelling performance, as good or poor storytelling skills affect the images
created for listeners and their understanding.

However, even if storytelling is done to someone, there needs to be someone to
evaluate it, and it is not known whether the evaluation is valid. Furthermore,
even after appropriate assessment, performance will not improve if people do not
know how to improve their storytelling skills. Therefore, in this study, we present
a framework in which the target speaker can be evaluated by a machine learning
model using a storytelling dataset. By obtaining an appropriate and numerical
evaluation of one’s own storytelling skills, one can objectively know one’s own
skills. In addition, conventional research has used many modalities for estimating
storytelling skills, such as prosody, gestures, and listeners’ affusions, as well as the
content of the speaker’s utterances. It is not easy to know one’s own skills, as a
lot of equipment and manpower are indispensable to collect such data. Therefore,
in this study, only data that is relatively easy to collect, such as the content
of the speaker’s speech, i.e. text data, was required, thus reducing the cost of
data collection. However, some storytelling used in real life is based on personal
experience. When storytelling such content, which varies greatly from person to
person, it is difficult to evaluate all speakers appropriately and equally. For this
reason, the content of what the speakers say is a description of a specific video, to
reduce the variation between people.

It then helps speakers to improve their performance after receiving an appropri-
ate evaluation by revealing not only the evaluation, but also the reasons that led



to the evaluation. Specifically, using text features based on speech data from the
speaker and image features based on image data from a specific video, machine
learning was used to learn each of the seven storytelling skill items, and the results
obtained were used to elucidate what good storytelling is.

In this study, data from storytelling to illustrate a particular video were used
to experiment and discuss the estimation of speakers’ storytelling skills and their
storytelling prowess. There were seven storytelling skill assessment items, each
scored on an eight-point scale, with 1 being the lowest rating, and the score for
each item was set as the objective variable in the skill estimation. The features
used as explanatory variables were created by combining three types of features:
linguistic features taken from before one of the final layers of BERT, linguistic
features from the output vector of CLIP’s text encoder and image features from
the output vector of CLIP’s image encoder. A Gaussian kernel SVR was used
for the model and the coefficient of determination R? was obtained by five-part
cross-validation. Experimental results showed that BERT-only features had the
highest accuracy in many evaluation items, but the highest accuracy was obtained
when CLIP linguistic features were used in addition to BERT for items such as
‘the scene was well described in words and the content of the story (information)
was accurately conveyed’. In CLIP, even the text encoder is influenced by the
image during the learning phase. From this, it was considered that the ability
to visualise the scene when storytelling was evaluated. In the evaluation item
”confidently explained”, the CLIP image features were more accurate than the
BERT-only features. The fact that CLIP’s image features were effective in the
item ”confidence”, which is apparently unrelated to images, was considered to be
due to the fact that when speakers speak confidently, they have a clear image of
the image in their mind.

The model used in this study is SVR, and time series are not considered when
creating features. By using a model that can handle time series such as LSTM as a
machine learning model, when speech is input in a time series, the scene estimated
images are also arranged in a time series, and by comparing the speech and scene
estimated images, it is possible to quantify how coherent the speech is and improve
accuracy. In the future, in order to clarify storytelling skills, it will be necessary
to create another set of features using CLIP, looking at the correlation with the
evaluation items as well as the correspondence of the time-series data.
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(1) Contrastive pre-training
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70

RN50x64
65
P 5 point
X improvement
o 60
| =
o
O
wn
(7]
o
s
5 55 4
>
<
50 -
RN50 . . -
-&~ Prompt engineering and ensembling
~@- Contextless class names (Li et al. 2017)
45 ] L) I ] L
6.1 99 21.5 75.3 265.9

Model GFLOPs
49: PRV T IPILYI =T =22k B2

R4 TRV TSIV I=T oV TDA TR IAORE : HEE
| ATINE | cos BLUE |

a drainpipe 0.475

a monkey 0.433

a seesaw 0.092

F4.2: TRV T VLI T TDATAMNDFRE2 Iy h Y=
7=

| TR [ cos BILUE |
a photo of a drainpipe 0.648
a photo of a monkey 0.321
a photo of a seesaw 0.030

4.2 CLIPHBAEBETI

FRECLIPET VDT F R Ly a—RFRFETEESINTED, HAGEIZIIN
JELTWRW., AR THEHAI AT — &ty FOHFET —RXIIETHAETH 3

11



72, HAGBIZMIG L7 CLIP €7 VE2EHT 208 0H 5. £ 2T, sonoisa(lH
B o HAGERR CLIP £ 7L (clip-vit-b-32-japanese-v1) 3 % AL D CLIP €7
N UTHRIH L. HASEER CLIP 7 411E, OpenAl @ CLIP 7L OE{RT
A—XEZDFE LMV, TFRA P a—XEFRFICIOIER SN BRI
X, HEEOHBRF v S a v T — X2 HARGEICEMBIEN L, %5 HARFEDOXTER
R7EVES. WHERRT DHEFEXLT% OpenAI D CLIP DT F A+ a—&IZA
L, S512RTEDRY VRS T, ZM7T—42 3%, 7—Xty POHARGE
XEAN LI &IZ, BT —2DORT b NT 2 &5 I Rl EZ
WIER2E B 247 5. HAGE CLIP 7L & b A - HAGEOHLELT
H & OpenAl @ CLIP €7 UIZ & D DA F N /- FZEDMETH 2 L3 5 &,
HAGERR CLIP 1% OpenAl @ CLIP & EERT, FHTO0.0422LL, 77 ADFH
WK 0.138, A4 FADHENC0.0351FTH Y, HTEFXELEZLTWS & HW
TAHEAPELNZDDD, 2R UTHATZ 2HPTH 5 [20].

|

2Alec Radford and Jong Wook Kim and et al. (2021) . Learning Transferable Visual Models
From Natural Language Supervision , p7, 4 X hs5|H
3https://huggingface.co/sonoisa/clip-vit-b-32-japanese-v1
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FHE IEEXRF

ARETEX, Ab=—V =TV IDLEFIRMETE2/-0DEMFAEE2T21H
J2hEEE BRARHEICOVWT, Hftr 7% X boEZ2 /RS CLIP ZF|H L 7=
FHEERRET S, AFEEZHVWAEZETHEEDA N =V =TV Y T AXVOHEE
PUTHL, A=V —FT V7D LEFIREBRCILEREANT I EICELS
 EZ5.

5.1 >—VHEFE

CLIP Tl%, ANENLEBFRE THFZX M ZNZENTHR2RITONRY MAZ§5Z
EMTES, X7 FVIEFEICZEE EIci X2 72 cos LEIC X H EN2 1T HE
BRETXFAIIEVREEETZ N TES. FEEREEAMIE T, HELE
YLTERTS. HEUERZRI TS LT, sEDHELTWAEFAEHED YD
VIS T ADEWET A I NTE S, I 2 THER T — X\ XE)HE » B
POYUID - 2EBEB DY — Y ERTHLDT—&, TF A MEINFHENE
TH5. HIgE%Z CLIP DBy a—XADAS], FHiE7TF X bD 1% CLIP
DTFFAPLYA—EANDANE TSI ET, BEcHbhe LT, >— V&S
2185, O—rBEEIX, ANEINETFRA L ELENRRDEWVE SN EE
POV TWBE Y=V FSTHD, KR TIX, Bl SE-ERE TIIEEIC
HEZIRD, —CEHEDOBESD/F DI LTIHICY — v BEZIRD 751 5.

BRI, K51 DE5 B8R Ty T72te. 3, #E»5 > — 22 T3
BHTE2F—7 L —2a%REHL, IHEHLABEBREZY T2 -V HS L2
U 5. RS, 1 NOFEEDFE LT XEDOH T — VB HEE L2 WHERTZ 1 SCHY
HhH3. ERh L 7% CLIP TRZ UL L7233 D & B p 63 = H U 7= [Hi{5EE
@D CLIP TRZ MU L7z DL D cos FHLUEZFIE L, FHEMEIRD EHVRT D
BRI RTS— %, MO LEXDS—v T3, 20y —UHEDTIETIE,
H{R Y OFELENRNGETDH, D3 Ed 1 DOEEINE IR TWE L, B
WRRORZWEEE L TWAXEANLEZE LT, BIHDOY — > DWTNNIcY
TWEE->TLES. ZOFEEMBIRT 2720, L 752 b OELEICEHE
Zild, BEZ RE-ZGEERYT - R LT 5.
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1. Bl F—71L —AEGREY) 203

o= (&l &l

=) Tl \v—yl |
Y

2. WROFF R b ETOHE%CLIPIC AL

s
=) =6 @

JiE7*¥ 2+ CLIPOF*ZXbxva—x CLIPO T v 22—
3. HB<s A cosFHEALLEE % HIE
cosFH{LLEE 7% I 5E @ @
[0.23,0.41,0.31, - -+ -] [[0.11,0.45,0.13, - - -]
5% 2 bR [0.31,0.56,0.02, - + - ][
SRR

X 5.1: > — UHEE O
5.2 YEEHE

Ar=V =TV ITZXNVOHEIZHIFETNVEZRNHET 212HD, AR
ZMAZEBICHEE T 5. AR TIE, EXARUCEEEZHEL, 2 F—1 — %A
T 5780, HEEL -y BEEHID 2HEEZ AT 2 Z e BBEEOR LB
EZbNS. ZZT, AFETIE, 1M % BERT O FiERHE
7Tz, HifRE OBE S 2E L TW\W3 CLIP Z#HWT, SERHE & G
BT 5.

5.2.1 ESEIFYE
BERT |C & 24582

BERT (Bidirectional Encoder Representations from Transformers) [21] & &
Google 23 2018 FICHEK L - KRS FEE TV TH 5. Transformer ZEME L L,
WD R R Y 2B BIAATEZ LT, BARDOXR Y7 THEEHLTWEREE

BETNEHRTEAZETLERD, NLPOTHTZLOHEM[22] Z LT
W3, BERT OFBIEE, MEDOTYa—XE@BELTED> TV ®, &b
FEPEATLREED 1 OFHir 5 768 KITLDONZ bV ZHIFT 5.
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AFETIX, HARGEOHZTFIN L CORHENNDEL K570, HILKFDOHA
FEBERT E7 VNS K DRMEEZID Lz, T2, O — VHAITO R FAHEER
Wi, BEERY — Y T ICXERD R D720, FH e aBUERD S L7z 1536
RICDFHHE L LTHDO IS,

CLIP |Z & 2 S8 E

CLIPE7FRA O rya—XeEfoLy a—XxeEEs, 2200y a—
R HHENS 512 KTEDRY MBS, Eifky X7 TH 35 F 2 AT cos
DTFFXFAMRANTAEIETH2RITORY bARELZZeNTES. fHlicks
T, WEPY =Y TN EBDRZ S0, HEN 512 TR T PLOF
B EE WD AEE L7z 1024 ZOTOFRHEE  LTH D ) S.

5.2.2 Ef§FEE
CLIP |C & 2 ESfFHEHH

5.2.1 @ CLIP I X 2 SR HMEMEOHETH AN D, HEEORBE XS
IVaA—RIZANTBIETHI2RITTORY VA ERBEZENTES. AT
X, Y—UHEEICK D, BIEINAEGROAZEGRT Y a—XIZANT 5. FHEED
RIS — TR EIWANEINE 720, XERIVZL, BiErds b
TY—UH#EER L THHEGD 1 D BINRWATEENEDR D 5. 22T, BEIZZ
DEEFET. ¥—UHERICTT F R b EEROD cos FHLED TOP3 £ T EIXNT-
HRE 35, FHRELT, BRINIBENIZNZTNWDORFEZ IR 2570, H
BRI R TR VDO e EZ D F5E L7z 1024 RoTDR T V2 RiE
L LTHDHS.

5.3 T—AXEjAIE

IR L 72T =&y b TARERZITS 12D DRI KE L 53 T2o
H5. 12 T7TFAMNCHETZENHETHSE., 7—&XEy FTIE, Ab—=V—7V
VIO BENPRFSNTEB O EREZWMOHT e TE 20, i LFOHIEIC
MDD R TR BREDT7 47— MINZSELrSEOMEZRITS, B
REF-2RVHEEN AL Z B H L. LrL, —E8D7 4 7 — 13t &E
EROZEDHD, BAICERYOHERYIDES Z 2 IXTERWV. HIZR, THo ]
EWVWIHHERIZT 4 5= TRL, fERiBoRFbFD. 714 7 —DREDD,

4https://huggingface.co/cl-tohoku/bert-base-japanese-whole-word-masking
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V—F =7 7F XD, HOT = RARATTITE,
b vTs4—boAoTHl>oTETh,

HD, T—=F =T 7% =D, T ZALATT || hoEEm 0,

FE, PvAY T4 —b2AoTHIoTETD. & || 2AHVDbobe D e, HE RN
DEBNDLI, TACHLDE 2B 20DE, B || 451 10bE0EWMDOTZABATTITE, Ho,
EERVDI L robBSBWHDOT ZABATTT || it i 2ok beA®ifitz7-{TL x>
ELHD, LIl VLI RARMEX || 230,

7 TCLE IRV, ZRABRTZVARZEEIA || 2 RABRTEWAELES LT L,

PFE, I, 25, T BHNCIRE R LAV ||, %5,
RADEDPNDENMINE > TWIFRIET, Ty ) || T, BUICIEE S & 2 A0, BAPADL LD ELIC N
oo RADTIENBZDH ST, FPVDELD || 2 5T BET. T, RADPIIEALRDH T,
HoT, T, ZZoeric, MiBwibATTIFE, HBWDELRH 5T, T, TZDEAIC, Hiddnd
W, HOAN=Fvr v Fvropan?) T, ATTFE, Hidh, HbON—Fvt v F v 7ogs
o RADARN=FY O 3y F VIR ry ¥ DT, BB —Fv v F v rHeehrvyr
TA4—=R, DTV T, TI¥oTTIHPHTH T4 —H, DICNWT, TIR>TIIHIRoTENRVA
B ie > T W TR 5T

WERTOFEE T L (—F) WK OFEET L (—)
X 5.2: 7 & NLEER] & O g

ARIFFETIE GINZAS  FEEN 2 A — TV VY —ZDHARGFENLP 74 75V 2R\,
GiNZA 2%, 2019 fFI2/NB X 7z HARGE D T RE BT MRS AT % 2 CF T
IT7VL—LTU =T, spaCyl b W EELBERSEIA 77V 2RBICELI Z L
T, BREOBNIZITS 2N TE S, GINZA ZHEWHIENA T TVREEMHT T 5
e T, HEEOHKRE TS Z e BAREE 2D, 74 T—FHWDR 22T
X7 7, T/ 5—YaroBicIen {5 % () twvwo RS
H ) AR BT F A MWBWEZITW, HIBELE. ZASDOUHIZX>T7 4
7 —Z MR GFE B EI D RV X S TR 5.2 TH S, ROLFTRIN:
7 4 7—IFHIBREI NS D, BOXFTRLULIEREBIFHIFREIATICE > TS Z
Lhbh b, FOH, XBEERT ) T—aryIny—rITiihnld, ¥—
VHMOTFFRAMEEL TS, ERICBWTHEHINS X R ME, 2 TAFIE
WED Y= T8I THFAINTH 5.

2 OHORMIL, FHEASLDFXF—T7 L —LRINTH B, AWFFETHH L 7=l
BHEX 2097 DT L —LL— b THD, 200FHOEL LD 6 7 E2BR 5720,
ETO7 L =202l HITHEOEBKEBIIEL 1 TRE#BZX, 7T —XREXZ
S DFIEREDR 22> TLES. LL, HlzE, 1B icyib L858, 8
WO TOITEIZ AL ZBENFELRWEERD 5. L, 2 TOITEIZR
FTHEBEDLNVIREET, O — U ETo- 8 T2, FEENBIH T 2 Ef§h 72
WZ 2T, D=V HOBEICEYELEZTLES. 207D, 7=X—>av
NOHNEZ 2 EDETOTHEMHIE LoD, HFKRBNZ L b TERVWES,
ANFTHER LR, AF—Xty MZBWTIE, 5 7L —AZ DY H L2
el | DA

Shttps://megagonlabs.github.io/ginza/
Shttps://spacy.io/
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F6E R - 7l

AETIE, BEFEEZDERZA IV =TV I TF—&Xty MIHLUTHEML
TRBONTELEREZRL, BEEE2LXRS.

6.1 #EWEZIETIL

ARFEERT, LB FE €7 VIEERET LD SVR (Support Vector Re-
gression . ¥ R—  RZ ZAGF) THD, h—x VBRIV 7 h—F%
HIRL 72, SVRDOANAANR=RFG X =RV Y —FIZIDHFABELLDDZE
», KEIRZMGE (K-Fold Cross-Validation) @ K=512& b, 7—&% 57E|
L, 42%ZF 7 —%, D 12027 AT =X LTRaA7%ZRD, FEKITKD
7Rt EOR a7 OV REkDR a7 e Lz, R a7 IFRERE R? £ RMSE %
K7z,

6.2 HEER

HIZFII R FAFHHD Q1~Q7TH D, By —> T35, THHDS
7z, HEHZ L IZillA THEETAZIER L. SVRICANGFEELy %2 4
FEAELT, L=, 1 DoHIX BERT & 768 ZOtD ¥ L 5Ele & - 7=
% DT 1536 X7t (X 6.3 D BERT) , 22HIX BERT Ofi#&Echnz, CLIP ®
text T> 32— FETILOREE 512 KITDFE & 0z & o7z DTHEF 2560 X
7t (K6.3 D BERT+CLIP(T)) T, 3-2H!XBERT OFff#E ¥ CLIP O text T
a— RETILOREE I Z, #IXN - EE%Z CLIP OERT> a— FET LI
A1 U7 CLIP OEGREED T L il & -7 DTaE 3584 X7t (X 6.3 D
BERT+CLIP(T)+CLIP(I)) , 42 H!¥ BERT FH# &I CLIP OH{SFHEE % N X
72 % D TR 2560 X0t (K16.3 @ BERT+CLIP(I)) T®»%. CLIP OEGNHEED
HWHICHIZD, >—VHEERITORERDIZNZDE TDOHEBERT L 7F R
FRZ P LD cos FEBUEIZIX 0.28 DREMEZER T /2. BIMEIZ L D, 0.28 Kimd cos 4
PEDEEIEEN Ty — kv I, BERFEEZSE 20 CLIP IZ AN
FTAHEBRL LTHY Y PEINDZERV. BED 0.28 ¥ W EIZN 6.1 TR
T KO ICEIEZ 0.25~0.35 £ T 0.01 $ O Z VLB T OEBGKEZ1E 5 Z
YINTE, OFIELERE OHBENENS DL L. FahiCER L OMHBEMK
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 FRREMREL
0.2 -
= [
B¢ 0.0 —
- g
m -0.2 1

T T T T T T T T T T

. AEHEE
3000 -
£ 2000 -
-+
[I111=
4o 1000 A
O - == T T T
Lo © N~ [o0] (@] ™ — A ™ < L
o o o o o o o o o o
R fE

4 6.1: BMEDZEAL @ FEahE & OB & SIR S 7 R

WHIEZBIRT 3 22T, FEPKRBICHTE L 212X ) ZL OFEBEIZN
TLES Z eI TEh, CLIP DHEISFHEE & BiE XER e DR 2 FHEET
HBHZrERL, RFEENCLIP ZEHLIMENRZRFETHE e 2RB LT
W3. RMSE 13X 6.2 C/RTHED, SRHETHRATD 14 %2 LMH2HED L,
VX 1.1 2 A 28R o7z, BRIEBOSED 1 505 7 5 8 BREFHET &
522 EZ B EHBNBVWHETHS VR 5.

3 6.1: SVR PERBEHE

[ FHiliE H [ BERT [ BERT+CLIP(text) | BERT+CLIP (text)+CLIP(image) | BERT+CLIP (image) |

QL: BfE 0.051 0.038 0.052 0.067

Q2 : TR 0.064 0.074 0.041 0.032
Q3 : 4 0.138 0.142 0.131 0.112
Q4:a2—%7 0.362 0.331 0.305 0.297
Q5 : X 0.114 0.128 0.093 0.083
Q6: Y= RXF ¥ | 0210 0.196 0.147 0.117
Q7 iR 0.093 0.082 0.079 0.079
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# 6.2: RMSE $ii

[ FHmEE | BERT | BERT+CLIP(text) | BERT+CLIP(text)+CLIP(image) | BERT+CLIP (image) |
QL: B 0.931 0.939 0.935 0.925
Q2 : REE 1.252 1.245 1.265 1.272
Q3 : #%e 0.982 0.980 0.988 0.999
Q4:a2—%7 | 1.222 1.252 1.276 1.283
Q5 : HfE X 1.061 1.053 1.073 1.079
Q6:YxRF¥ | 1.254 1.268 1.304 1.327
Q7 . fiig 0.871 0.877 0.879 0.878
1.6
1.5
1.4 4
1.3 9 T
- 1
]
L 124
o=
1.1 4
1.0 4
0.8 T T T T
BERT BERT+CLIP(T) BERT+CLIP(T)+CLIP(l) BERT+CLIP(l)
HHE

6.2: RMSE f§ T

6.3 EEV

ROEWVHEETTHT 2 2223 TE2 Q4 TFHHOHICZI—E7 DD o7y &
WHFHEEE TS 5. BERT FH&EZ 1) TE S R E D BERT 25 WEUE %
RL/zZeh s, QUOI—E7DERIIEENLRERIREEEL, SEDOR
Xr 77 VRNDOHEBHEL TV eEZHNS. BERT+CLIP(I) 2% b EW
BEL-7-Q1 TEHEZ S o TAHBAL Tz T, BERT+CLIP(T)+CLIP(I)
& b % BERT+CLIP(T)+CLIP(I) »* & CLIP ® FiEFHEE 1k %, BERT FH¥&
¥ CLIP O HE§FF#E % F5D BERT+CLIP(I) DD HEENE L 2o TW\WB Z e h
LERE D LR E Vo L SRENRRHEAZ T TR, #EKIIA T THD, H
BREE Vo THOREIC I D IFRZE S A 2BELH D NZ 5. Q5 NER
FFRELEETEVRETED, EHEYEEONE () 22T\l I8\ T
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035 BN BERT
1 B BERT+CLIP(T)
BN BERT+CLIP(T)+CLIP(I)
0.30 - BN BERT-+CLIP(I)
0.25 -
ot
BE 020 4
®
K
0.15 -
0.10 -
- j i l
0.00 -
[T Y " ~ o ™ v
I =5 ga H B LN 8%
~ = ; rl_' £ X =08
— ~— e H ~—
<) o e < D N ~
o 3 o o <}
[{e]
e}
BRIER

X 6.3: SVRIEERL T Z 7

¥, BERT %f#(&IZ CLIP OSBRI & Z M 2 7z BERT+CLIP(T) %3Ht— BERT
DAHDOPERKZEZ, RdDEWVHEZH L. HEl1r LT Q5 MMEoFHiiEE &
FERLZD, BRVoLEGDOERICED2NEZ ST 2 AFANBETDH
D, CLIP 2VEif e DB D D 2R b R OB L EDZET N TH D L HEL
B TRERODPEEZD.

6.3.1 R+=U—=FUYIDLEFT

AEEZE LT, CLIP ORMEZINZ =2 2 TBERTFHEEOADEE LD B
FENA ELZEEE, QL TEEZ > THIHL TV Q5 IMERZ LFLE
ETEVWRETED, ERIWEONS (FR) A TWwWik) ThHoi. CLIP
EFEERICSE Y EBROM S ZRH L TEET2E7LTHY, HEIEDLY Ho
TW3., 207, 7FAPLYa—XTHoTHHMIITF A FDAITHEX
NBRTIERL, HBEL Yy a—KIZBWTHRETH 5. Q5 DKM L=
HELTCLIPDT7XA MY a—XHHEHEEDEDLD bFFoTWVWE 05 TldR
W R, TMERZ FFRLSETSVRE 0] 2EVWTH S XS5 IHEEIZ
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A=V =TV I Z2IT5BRICENTZTZDERE A X =T TR TWIDFE
flixhizdDeEZLNE. ZI06EZ 31T, QLIZBWT CLIP OE{GR S
% A7z BERT+CLIP(I) 23 b 0 FEEZ /R L7 2 L X BE OB IS TTEE D &
HMH XN ZEELIED-oTWS. 2% D, BEZD > THHONAELZHHIT 3 &
W Z XX, SEEIETABRREHOFICEHEREL LTIELLAX—IYTETWVWSEZ
EPEELTWREZILNS. A=Y —T VY IZDEFXLLT, Eifrwn
I EEMRBNIEETH 5203, 2RI THL, EYREGEEVWEIXRSE L
b LFXD1I2DERIIRLZ b o7,
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EBTE BbHbhIC

71 FXCH

AWFE T, FEOEEEZHHTZA M=) =TV DT —R%EfoT, i
FEDA L=V =TV TAFNLDWHEEL A=V =TV 7D EFXIZONWTH
B ZR L7 A=V —FT VU UIZRAFILOFEEHIZT2HY, ZhEhl %
RHBEWVEHEi & LT, SEXFETREE D), RIEHZ L DR R FAHEEDIRD
HEBIZED 2. HHZEICH W 2 F#E X, BERT OFMAED 1 DD 5 H
DHLZSRBRHEL CLIPOTF A by a—XOH IR M LD SERHEE
¥ CLIP OBy a— XM HRZ FMLOBEGEHEED 3EEPHASDET
TERR U7z, =TI, A7 o h—3xDSVR BZEHAL, 50K EMGEIC
XD PEMRE R? £ RMSE Z3K& 7. EEAGR T, BERT DADFHENZ <
DFIHEEE TR EWHEE L R o720, ERZ EFLFETSVERETED, IE
HECYREONE (1B ZIEZ T\ 2Wo72IEEHTIE, BERT /12T CLIP
DEBFHELZHFHL 2 ITROEWEEZ /R L7z, CLIP TlX, #EOBMT
THFAMNLY AR THoTHHBOHELZITIS. ZOZehrbH, Ab—=1—
TV YT ERITIBICERZAX—ITETWVWAI2MFHEI N TR EEXT. %
72, TEEZ o THHAL TV EWIHFHEIEE TS, BERT DADRHEE KL D
b CLIP O HFREEZ MA REE I RD BVEE L ko7, BEOEEE W
5 —HHER L ZBEED 2 WIEHICBWT, CLIP OEBEFEEIZIW-Z i, 3
ENHEE D - TahiTHEICIE, EHOAZHEBREIRIEICA X—Y L TWEHTiX
RN BRI,

7.2 SHEROERE

SEFEHLZETMEISVRTH D, FEEZIENRT 2O RERYNIEE R LT
W, BEWEEE £ T I LSTM & Wo 2RERV B/ Z 2 ET A EBHEHT2 2
T, RERINCHREE AN LBy — UHEEER D RERVNC R, Fihe > — Vi
EEBRELKT 28T, YRETGHEICEFLEDEZL - THETIENTETWVS
POBYENL TS, BERLXDM ETE22EX 5. %72, CLIP OE{GFHEE %M
FL7ZSVR TR 7 2o0EREHDON 1 DDOIEEHTL2FEEOR Ea R S is -
7z, FEHY LTIE, CLIP DRENZEN & T, BiENA LR Ofd- /-5
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U iTbhitnad ZehEZILNS. 5K, A=V —FTV YT Z2F)1LD
FREAD 7=z, WA F— X Oxtit e e, FHiiEE © OHB %2 A7%53 6 CLIP %
FERLZHOREEZERL TV IR ETHS.
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Eaf

AW EITS B, REOKFNEE SR Leiphviiv kst
AV R=TN—=TONZWERIEHPL LT ET. Fh, FHEEHBOMENE
WBHED 52K 5 IR D o7 2 L EH VL LET. 2 LT, AWFKICO
WTBEA RITEC S TEC = B I3 < BIHLH L P % 7
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