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KBRS FEE 7 V2 M U LRI B 5 2 IIRRER 0 el T

O &l IF47 (NISTEP/ZE K2E) |, /NE S5 (NISTEP/IE K)
=N PEFE (NISTEP/FHERKZE) , 1EK B3 (NISTEP/WEE KA AR(LAEMSERT)

1 1XCHIC

WES, KEME S 3EE 7)1 (Large Language Model: LLM)
WIEHDPEZ > TED, BEx % LLM O - FIF 2
ATW3, Zht LM OE=3FHAFED—D2 L L
T, BASHEEHVIMWEbEICRT 2, H2EEZ
YUTHRBIDEDR D D, £z, ZOBERITIXLLM 0%
AIOMD, HRKZTFRA N T —XOHEAFEEBH Y, Hl
WR—2 LTH—EREMNHATES, Turo73Iv7
R EDHGEBREHO T — X EEF L TD, FNEMR
BEA BB (2R 7)) 12oWT, HREECTIERL, B
RN HERE Zhinh ORFET, »5EERETH
S5h, Lhrd, DATLTHIDTRKECEIRTZ
HTELZR7Y, WMOFZ BMEDEMSIEL, oFHD
BUEPENZ 22 Y5, LLM & Rt & 72 iR
RDFAT - FATEI A TWB, 25 L7 LLM & HW/zH
fHo—oiz, REHERNOFIHbE TN 2,

ZHET, FEEMENTINCHRZ 2 E TR X 7 R R HE
MOV =T —=21F20HbD, UONHENRERE
FMZEED Wz Pearl TRO 7 Ta—F, &5 0L ORI
TR R B OB A H DWW 2 Rubin i 7 7 u—F
T, MEAMMRERHEREZ SO 7 T —F 2 EifEr LT
L XN T W, SEETIE, ZOEZS 2L THE
ISR E L S S8, RERA Y72y b U —2
% LINGAM 72 812 X 2 it I RISREER O FIE S LT
2728, 7— XERERY 2 BRE T IR HERR D IR DY R DY 5 T
XT3,

772 L, HEEEMbLTHEL 2 KEHGROFED O D
LT, 7 =2 H DN THEE X 7= R B R & AR
WMEEDLIICEEIE L] 20D SIS R 2
WZ e sN D, HlZIR, EEREEICET 2K
RN DISH OISR (Rl 23] 128V TH, LINGAM
ZRORBHFER7 LTV XL THh SRS ROZ Y%
BURBIEEBROHGR D SN T2 Z 2 IXTETD,

o BHRME L RBIZLTED, ZFOMREOME ORE
%, SEEAERICEOWT, 2pOoREBEMETRL
BHEERIICHRT 2 DIIHENTII R kBT L

o MEHRREER - #EFRO 7 LTV XL Z2IEHT 512
Hizo TOHERFHYE LT, BNk, L LEAR
AR &0 X 5 W AAA, KT 20, ik
MBEFE o> TWVWRNWI L

5, R OBEAIAAZRIMICIEE > TV,

ZIZT, MEWRETEALRETONTER, DS/
TR UTEHZ2d0D, ZHEPEINT, Higs
T — X THIE - B EN, MR L TTHaIciEEL S <
BIfRIME D iRV e AE X 2 B - RERBIRICINZ T, #
7REREZBINT 210872 TiE, HIEEOFHMED
240, AR 2 A TREITE 3 2 e EE LW,
ARED, LLM 3 ® 2 OGN — 2 2 L TOIEMAD
Hiffcx, »2REO IEEM) & THERREMN) 2R
Lt £/, ADBBvwonrkhrol k5 REFZRNEE
ROFHE2REEDET 5, ZAUCHEL T, IEAR
THEFAMNT—RIZEFTBEINTZHGH - v v 7 A bw o
L TOEER LLM i, f0HOTRIEZBETIED S
bDOD, ThHDN—FILERRL, 7— KRB
Bt & AR CEAME DS W, SEEEE D S DT -
EREEPARICT 2DD] WVWH1ERD H 5 [Kiciman23],

72721, LLMIZEASHETIHERTE 2 2 VWS M -
HHEDEXDHERLE LT, RO HIZE > TR
EMBERDLZeRDD, 2db2d, FHIfoz7—&
BRI X=X LLM OHEEIC X - THIRZ WA
RELEDL->TL %, 25 LIMEICOWT, BIR, #
AR R R LT RIS LSS TR L, Bk
RIITICE T, TZHOVWSHEROMEAET 5 &, KED
BLR3 TXX OBFEIZOWTIZZ O LLM OF ARG
HRWV] Y, MAPEEINATWRRNTHH 3,

Z ZTAMETIE, RRERZIT S I2H 7o TOHMM
1 - ARSI - ERIEIER OIS 7 1AM & 2 8E
2, FHTKRZFRN T — 2 b 3 2 iR E 2 B 3 5
BORTEA OIS OW5E [l 23] 205 e LT, LLM
DHIT H R FE M7 OpenAl #d LLM TH % GPT-3.5 %
FHLE ey o =71Y 27 (LLM NOFER
DEZHDIR) X BHRESHERITT 3,
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2 GPT-4 O ERMBADIGAHICEAT S
SCITERZE

LIM OHFTHRICHFEZHTELWMD LiFshTws
OpenAl # D GPT-4 1, KE O EMfEFER AR
CEM LD, REORFAGRILHET A bTH S SAT
DOEEETDH BN 10% LLNIIC A % [OpenAl23] 72 ¥, %
@fﬁﬁﬁﬁéj}@%é WGEFZ L OFEHPEF->TVE, X
WCEIETIE, HASEER HWifericts 2@t iR
%tmvﬁbkaf,Amf@Em%fw&®7v7
— F#RER Y, BRSNS Z OBER LR L T3, &
9Lt*%®%tl¢M@l%ﬁ «@ﬁﬁkomf
k& A ERE - G T3
WX R R @&zﬁkﬁ?%uMm&m&ﬁwmm
#il 21X Kiciman 5%, BRICHRBERICOWTH —ED
sl TVWAFEDO T -2ty PBIEHL, KFRH
RICBES 2 AR 132 X227 % LLM OBEFHIERC
HOWT—EULOBETIZ YV 7 TE3Z%ERLE
[Kictman23], F7z, Zedevié 51X, BRCHREEFRE LT
ground truth & L THISNTW A2 W L oo HFMAIEKE
22 7 (Directed Acyclic Graph, DAG) OflicowWT, #
BoTr7L—rEHWT, 2 ZHRORREGRHIIFE
T3 0EH, /o0 zEE L ground truth £ 72> TW
% DAG 7% i U THERERTMi 21T o T % »2[ZeCevic23],
X512 Tin B, YIalb—ya YHOEMROEDHER
SR CORREFRORART -2 Z24ERL, Zhred i
LLM CHRRDEMESVETA2 MRS 22 2 b
12, E 5T fine-tuning 12 & D FIRHERBEN S ES Z
BEIELZ—F, LLMANOHEMDOT > 7L — hPERK
HDFEWIRZITH LTI TIZ R W e W AR RR
LT3 [Jin23],
WOV IO ZT )T OB ERICET B 5hITH
X —HT, T50Vok7ary S rzro=7) 7%
f1212H7=h, BREFARAT 5+ —~ 2 RELT 2720
DTy T NRERT S BRICZ L O TRPRET
HY, FCHEEHRICBWTIE, FEAYDERIEZL
DEDED > TWB =012, BRICH L TEENIE
EMPZIEZ-E D REZ LIRSS, IBEEHIXE
Td, 2 X 2HRERDFHEDHE, S L X2 EEN

«l Z ZClE ChatGPT 72 ¥ LLM % iz —E X ED VR
WTHW3,

2 Je 72U S1E, LLM DSERHEERICEI L TW A HITH - Td,
ZAUI LLM BARYICHARZHFEL T2 D0 TERL, HLF
T LLM OfllfficfEbn /- BASEOFICH 2 KRNEEB O
MBI L 2> TWzDTH D, LLM OHRERKRREZFE 312
BHORBDIIEE>TWRVWETELTWS,

WEHIES 2 Z I XBEZ TRV, 207D, KFFELDOH
FHZER D7z D12id, FROMREImMS S U LD 5,
REBROBEOHER R ICBWTEMZR TRy T T
VL — FOERICOWT, BEtREDINERD B,
TaryFrI =7 ) I RTIE, kAR
27T LIM QINEZRELTE 2 X5, Bicm7 7To—
FSTHEDERICZRIN TV S, HlZIF, LLMIZX R
I7EFRTEOTa T 2Db 0 RET 512X, f
ZIELLM ZD b DICERO TRy T b 27T L=
ELTEREE, Ra7 V7 - V3T v 7 EfiTo
THEZ D D% DAL 2 W5 Automatic Prompt Engi-
neer(APE) &\ 5 FEDHER SN TS [Zhou22], D
7R —FIIRRAICHREL, RETRY Y INICHEER
fil5 v > 7 b (Zero-Shot Prompting) T& - T & {1l
ERBLEF TR =< A%MALEXE S, “Let’s think
step by step” 7R > 7 P IR XN D [Kojima23], 7
07 OREEANT I emBER T 0y T MHEHR
Z Y — & 2 "PromptPerfect"+*  EH L T\ 5,
FAicd, oEwROfZ Ty T MITARTD
(Few-Shot Prompting), BIEAIF#%Z 5 2 5 Z & THER X
IZBI1 % LLM OIEERMH EFT 22 d XA
NTWaH, ZOWIHE LTHRIETIX, LLM I & % Hl3#
A (knowledge generation) Z 1TV, Z D%z 7o >~
7 M2 A (knowledge integration) § % Z ¥ THERR X A
T DT F— v A%ALEH % Generated Knowledge
Prompting(GKP) &\ 5 FiESER I TV S [Liu22],
BB, TOEIBRTAYT VLYY =TV Y TDOFE
BBEWL DD, REDDEE A NDOERINIZIER %
MET T 2 BD 513, KEHERICERED 28Tl
WH DD, F@X D5 HSARMEERND, LD, BE
W% 08T 2 2271220 TS, LLM DO MHE % 3
TAMABL LR S TE D [P 23], LLM R—ZT
& h 2 KRGO EEEZ EEVICTHET 2 > b
D155,
AR T EDFATHR 2 T, FEERAEHE LT,
FRBEROBERDHE R R 7 G Tay T vT7 7
L— b OWE2 51795,

3 GPT Z;ZALIHE TRRHER OXRER
FEDBE

Fb DD, KiE DR O KR HE R Z il A S LT
X, LLM OH#GHR7 + —<v VAP EEH e kb L5727

3 RFEMWI2 /7 N71%, https://www.promptingguide.ai/ &
R E s TS,
«* https://promptperfect.jina.ai/
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0y b OB DBDBEL KL, £ TERETIE,
TR IR E BT 2 TREMR 2373 500
2, BEO Ty S o7 ) v SORERSEL,
EBRTH A >~ OEt L EREREE 21T 5. B, UT O
AMCIRHCHT D R WIR D, LLM ¥ L TiE, APL 225
GPT-3.5-turbo Z 3§ %,
31 AROBEZMSOHORELRT>TL—FDER
F3, BBX DEBY OIRIK L 72 2 008 5% [ 5 o
BTy TV — b EHERT %20, APE OFE [Zhou22]
& 5# 2, GPT-3.5-turtbo ZFiWVWHE 1 OEH AS LT,
ZFORR, 208D, 20035 7L —IXpERIN
72o ARRTEZNALDT YL — % n TEHEEMITL,
FEReR25EX-HReRZ2FEY 2518 LT,
0.(X,Y) e RHT 3,

R1: HEROFEZMS> 7> L — bOERICHEHLE 0 >
7 b

-~

We want to make various kinds templates for prompt
engineering in order to ask whether X can be the
cause of Y.

X and Y are replaced with the respective variable
names after making the templates.

Please reproduce 20 different templates for this
aim.

Here are the examples of and outputs we want you
to give us:

Does X cause Y?

Does X influence Y?

Does X affect Y?

If we change only X, is Y changed?

Our hypothesis is that X causes Y. Is it true?

- %

TD5b, n=3,14,1820I12oVWTiX, X 2 Y ITH
REFRED20DAZRS X5 Tur e hoTEH
D, R - ERBEEL0ETEEDZS ZTHS &5
BRIV T MIER->TVWAERWI L CHEEEET S, —
FTING 4 DBV TIE, X BERA, ¥ iER e
BAEADEIDPETZHIBDER->TWVWS,

3.2 FTYFL—FORETHE

2055, LIM»5 LD EMEROZEEZFIEHITO
WZEY)R ey D, EERCE R EBLT, L
BETS, RAZ7 v LT, KHERBEGPBICX SN
7-%52 (ground truth) ZIEfREE ULTHD EWF, SZ%A
ToFERA - FEROBEBROE R L IEHEICEIE T 2 07% [
2bDL T 5,

TR SR HERR ClZ, ground truth 235 2 FEEHEE L
725D LT, Mooij HIZ& D Zedohrz, KEHAmN

R2 K1 RKESOTERIAERSL T Y IL—1+—&,
temperature=0.7 ¥ L7z,

n TYTL—F (X, Y)
1 Does X lead to Y?

2 Can X be attributed to the cause of Y?
3
4

Is there a causal relationship between X and VY?
If X is modified, will it have an impact on Y?
We believe that X is responsible for Y.

Is this assertion valid?

Is Y influenced by X?

7 Can changes in X result in changes in Y?
s Is there evidence to suggest that
X is the cause of Y?
9 Does X have a direct effect on Y?
10 If X is manipulated, will Y be affected?
11 Is there a connection between X and VY,
where X 1is the cause and Y is the effect?
12 Can X bring about Y?
13 Will Y change if X is altered?
14 Is there a correlation between X and Vv,
indicating a causal relationship?
15 Is X a determining factor for Y?
16 Can X be considered a potential cause of Y?
17 If X is controlled, will it impact Y?
15 Is there a link between X and Y,
suggesting a causal association?
19 Does X play a role 1in causing Y?
20 Is there a cause-effect relationship

between X andY?

1: R CHREGROEEZM S ICHIzo TORY F < —
7 5 5%,

hour of day

electricity load

KEBWIRYFI—Z e R2BMT -2ty v 2355
[Mooijl6], AWFFEIZZDHTD “electricity load” 2B
TH57T—&ty MIEHL, Z2ZTRbhTws 341
(“hour of day”, “temperature”, “electricity load”) 225 X,
Y TRALZ26ED OERMZ, £3 D@EHITVWDD,
ZOF =&ty FTH ground truth £ 72> T3, X1
DORfRZIEfRE LT, Moy Fv—2 ¢ LTER
Hsszrtl7,

oM, %3 Zero-Shot Prompting D# X /51T
EOWTHBRAAL T Y 7, RUNREREF L2
WOEBER N 40 - TR 40T T L —1DOFEKEn
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]R3 HEZEH, EEOEy b

BHES RACB2EHX BREBIEHY BEICHS HIER

B the hour of day the temperature Yes
B2 the hour of day the electricity load Yes
B3 the temperature the electricity load Yes
HfHa the temperature the hour of day No
=15 the electricity load the hour of day No
=1l the electricity load the temperature No

R4 HAHERZ LT 0,(X,Y) TORER yes/no DI TR S
TurFr e, EBICE 0,(X,Y) TR S 722D GPT-3.5-turbo
TODIEZIRM (temperature = 0.7)

“Let’s discuss the problem of causation on energy
consumption related with climates.
On(X.Y)
Please answer with <yes> or <no>.
except these two responses are needed.”

No answers

NEfiz n FER91 PRS2 EIR93 EGRG4  EIRDS  Eife SAEEX

1 19 14% 70% 98% 98% 64% 62% 68%
2 4 14% 68% 96% 98% 72% 54% 67%
3 5 12% 70% 100% 94% 64% 60% 67%
4 12 10% 72% 98% 96% 64% 58% 66%
17 20 16% 64% 92% 0% 42% 48% 44%
18 3 16% 64% 94% 8% 32% 46% 43%
19 14 20% 66% 100% 2% 30% 40% 43%
20 18 8% 56% 96% 8% 42% 42% 42%

Z, RA4IWRT, BB, FEMICOVWTIEET 50 [13
DTV, 2D BIEFII—H L IHAIDE S EBE D
HErHEHL, 2F0FEERIIER 6 D TOFIEER
EFEHLTWS,

Ihorb RN RSN MEHAE LT, UTOED
EiFohs,

c H 1 TIE, vy 7 MTHEBFRNMEVD,
BRI 3 - 413502 BAT 4 O TIEZRD 100% 1550,
s T4 o077 L— X, B 4~6 TOEER
MRV, (b, RERoME FTEMbRVT
VTVL—=RMIRoTED, 2O PIEERICHE
LTWaZenEZLNS,)

72720, ZOTFM4DDANDRT 7L =3 Ihd e
RKIEEHET60% % Z X TED, ENREND 2D
THRW,
3.3 BEMBORMEICEIC EZROREBLRBELE
7> 7L —F0ER

Tary T rORERESIED L0, SEEZEGRT
ZHEE, YOTy L — MCHHEMHELLTE XS
2T, 32 ffiz koM Z/T>, 22 TlE, EZ
H 100% % HIg T8 A2 5, S0 LLM O Fi[¥H X
NAFE D HiEE L E X 5528, ChatGPT Plus T

Wikipedia D 75 7' 4 V¥ReZ FIH L T,

” In the context of the relation between the climate and the
energy consumption, please provide the knowledge of X in
detail as much as possible.”

(X = the hour of day, the temperature, the electricity load)
AL TR NG ZHEG L, BEEAGRE LTI
7o ZO TR L7z L TH®®HT LLM ICHROHF TS
Mo77mr7 b, IWEZER LER2EOESR LA
35 - TAL3 D nidRS5 OMEDTH 5,

R5: HATHED D T 0,(X.Y) TOREZE yesno DIETH S
Jarrr e, EBIZE 0,(X,Y) TR S 722D GPT-3.5-turbo
DIFZ IR (temperature = 0.7)

\

"Here is the basic knowledge of the hour of day,
the temperature, and the electricity load, in the
context of the relation between the climate and
the energy consumption.

(prior knowledge acquired from Wikipedia through
ChatGPT plugin)

Using this knowledge, let’s discuss the problem
of causation on energy consumption related with
climates.

0, (X.Y)

Please answer with <yes> or <no>. No answers

”

except these two responses are needed.

/

JBfL n BR1  ERY2  ERI3  ER94 RS  HERGe SAEEE
1 4 0% 100%  100%  100%  100%  100% 83%
1 12 0% 100%  100%  100%  100%  100% 83%
1 19 0% 100%  100%  100% _ 100% _ 100% 83%
18 14 0% 92%  100% 0% 100%  100% 65%
19 8 0% 14% 36%  100%  100%  100% 58%
20 5 0% 0% 12%  100%  100% _ 100% 52%

T BEA# T 5 2 7 LT o Z o X R 7 DRGSR
25, UTORENRR TS,

« HM 1%, BEAKET 5252 T, LA “No”
CEIETAHBIFLAE Rz, ZOFHRKE L
TlE, 2% %% Mooij 5D F7—X+t v T ground
truth ¥ TN TW=Z e ds, X3 LI EENREFRY
LTRER D D TR WATREESHhE X S b,

¢ 32HICBVTETDONRTI IL—XDHTH LD
NI — Y ABRLTWERrR=4,12,19 122\ T

S PR L, BELE 3 DS ER 2~6 OIEMREH 100%
TRE 1O T > 7 s BE-D 30, AFETIE Zero-Shot
Prompting T LM DMREEZFH 72D DDALEFMEE X, 18
LT3,

6 EEIZIE Mooij b, ARIEKR &R BRI R KGRI
BIHZOTHY, HL FTHIRBRMIIAR 2 HERO M EMGRE
FRET 2L LTHOWTWS 2R LTV 5 [Mooijl6],

— 883 —



&, EM2~6 TIRIEEZR 100% £72->THED, K
MEIC ST + —= V ADSWE LTz,

e —hHTn=51%, 328CEEMIDDIBD—D
THote—F, BEEEZ 71252 % £ 2RIEE
BN A43% 2> TELLTVWS, n=5TIXRR
BRDRHEZIRR L TZDOZYEZFMM TS X5
REE IR TWDIIR L, FHZIEMED “Yes”
THBEM2 - 3 TIEWITEWERRE ZoTED,
WIZED &, 2R LTIELAYDEIET " No" 2k
BELTWBTZ 2Tk 5,

« 72, n=8DF 7L — 3, FHBEEBOLMZ
HEPEWIEEHICKR-TED, ZHAIHRLTO
B2 -3 DIEZERII n =512 TRV LNS,

& o T, Zero-Shot Prompting DHE, BEHEHHZE S X
B EOM S CTRENCIERTES 7Y L —1I&
n=4,12,19 Th 3, /=, ZEEBDOAEHR->TWV3
LR D LINGAM TORBEHEROMZE [F1L 23]
EXEEEBZ IR RAEZSE, n=12,19 DX 5I1CH
FEORREFRZFS KD b, FHOZEITOWTRHS 7
YTV bDHEHBERTHZLEZONDS, Lo TAM
TlE, Q4(X,Y) =“If X is modified, will it have an impact
onY?” ZEHAT A T 5,
3.4 Generated Knowledge Prompting DIZ& D /N7 #+ —
Y A5l & RERSR M DFERE

BEHAG O 5%, LLM DOJSED#EIE LD F R F
BTH2—7, "M TRAODR WG THEEAHE 7 ¥ X
PR—ZATEZTNEGTE22 3BT LIEZTIER
W, SED “electricity load” X KIHEIf%R2DY ground truth &
ANB BV, £ DHEMH D, ChatGPT plus D
T4 UEEET O L, BEAEE LT
TRTELHDTHo 7, ERICRAORRZHERT
B HTzoTE, HIMARZ 0 ITRRIVICHI 2 507z
WZtdbHhEE0, &I T, WMANRRICKZ DU
Tl WAy, AFTIE Generated Knowledge Prompting
DT [Liu22] #5E12, LLM 2D b D HEFEE T
BERLUZABEMO»EIEHL, 53528 T %,
FEFBZ LLM 22 5 OHERAEBISHER 5 7 a7 b (Ist
prompt), MU' Z ZTHRLNZHFEELHE L 04(X,Y)

W AR TIZ T AL BB A S WA, Zhid GPT-3.5-turbo 23, 4F
IR E NI DO Z S DR 2 ¥ OB T, Hid THEE
BAMERT &S, FAFEIA TV A AEEEZRB LTV,

8 Z b GPT-3.5-turbo %, WRMPUDHFEEERTICH > CIFHEE
BEMERT &S, ERFH SN THBAREEZREL TV 5,

O BHEEEZOMBEICOWTS ZOHBENHTITED, BED
BEARR 2 ARILT 2 Z 2102 O - ¥ 285 2 alREME:
WH B,

WTHROEEEZ S 72> 7+ (2nd prompt), Z L
T32 MU ARRZ ZEITLRBEOEEROIRMNIZE
6 DBHTHb, 728, Istprompt DAIITETz> T
temperature (& 0.7 TREE L7223, 2nd prompt TD X A
7 DERITIZBWTIE, temperture % 0.1~0.9 DEiFHTE
Z I8 S VERERHMi 21T - 720

Z DRGSR, temperature=0.1 TIXER 1 DO LM IE
gy, 33HEAFDNRT 3 —< Y RAERLED, Th
& K&\ temperture Tl 3.3 Hik D b HEREDE(L R
bNb, —F, 0.7~0.9 THIEEERNAMICEL RS
NFLRELTWVS, KIC LLM T & b B & 72 Al gt % L
CERT20THIUE, BTLHZORYFI—I TR
I CTHEE 100% % 3R T temperature % 0.1 I[ZFEER T,
FlEHZ 0.1~1.0 < SWVOHEIFTHR D 7253 & EFRE 2 ki
THIHEMTHIEZ LN,

4 HHDIC

ABFFETI, FHCRFERT — 20 in g % 1 FRfe
AT 2 BUREBA OIS H O [l 23] Zxff e
U THEBEREZITSICH o T, B - FR1 72 588
HIE - FRIAER OIS OWES. % &FHIC, LLM OHFT
% fLFEM 72 OpenAl o LLM T % GPT-3.5 ZiEH L
uryFrrd=71Y 7 (LLM ADIERDE 2
FHOTR) K 2REIHZHITL .

AFRRTIEZDS B, ROMEHIHETHATDH 2
BEXRVF—272 LTHWT, LLM ZHEZRBWV,
HEOBWEEZ2SG2 =00k 7ary 7 rob
PREIL, ZORT 43— RADERIZOWTY, EB
ZWMUTRLE. £/, 707 MCHHD 7D ORIE
Hakz2 5 T22 012k 37 —< Y ADA L 2TER
L, X512 GPT-3.5 @ temperature DZEALIZHE S 1EEHE
RBOEFTOVWT DR LT o7z ZOKEE,

s RROFIZ S 7a v 7 M2k, FRiHEN 5
ENIHETD, Zero-Shot Prompting DIGE L D B
NI = VAZRELLTLES K52 BDHEFE
L, XDTTur 7 OB TRERR2ETS L

* GKPIZX D, GPT35 kX HIsh/-FHHIHT 3
HRIZOWTEE T 2 XA TEWAT +—F R
#RL, WEIC X > T temperature 235 < 725 T
HIEBFRORBDEVIHEETH D Z &

REDHERINT, T2, T rERITE-T,
XLHEDHEEEFZRZ LLM ICHEXE2 Ty Iy
L TEORE#HZE RO T e N TE
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R 6: LLM O HiHE S 7RGk D A E D < HRFH 2 R
% % knowledge generation D 71> 7 b ¥, ZOREICHE DL
knowledge integration Z i L 725 2T, yes/no TORRHIED
A= N

1st prompt(knowledge generation),temperature=0.7
f prompt( geg ) p ™~

"I would like for you to analyze and explain

if X has an impact on Y. Please provide a

clear and concise response that addresses the
cause-and-effect relationship between these two
variables. Support your analysis with relevant
statistical data, trends, or patterns. Focus

on whether an increase or decrease in X directly
affects Y. Make sure to keep your explanation
informative while avoiding excessive technical
jargon."

s 2nd prompt(knowledge integration) ~

An expert was asked the question below:

“I would like for you to analyze and explain

if X has an impact on Y. Please provide a

clear and concise response that addresses the
cause-and-effect relationship between these two
variables. Support your analysis with relevant
statistical data, trends, or patterns.
on whether an increase or decrease in X directly
affects Y. Make sure to keep your explanation

informative while avoiding excessive technical

Focus

“

jargon.
Then, the expert replied:
“(the answer of the question above from LLM)”

Taking this discussion above, let’s consider the
problem of causation on energy consumption related
with climates.

If X is modified, will it have an impact on Y?

Please answer with <yes> or <no>. No answers

except these two responses are needed.”

100 |-
90

80}
70+
60
50 -
40} i

30 — &M
20

EZEEM)

10

0 I I I I I I
01 02 03 04 05 06 07 08 09
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